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Education
- Bachelor, Public Health, Shandong (Medical) University, China
- Master, Medical Statistics (courses including Linear Algebra/Design of Experiment/Medical
Statistics/Multivariate Analysis/Epidemiology at Fudan, and Mathematical
Statistics/Optimization Methods/Numerical Methods at Shanghai Jiaotong University), Fudan
(Shanghai Medical) University, China
- PhD, Statistical Genetics, King's College London, UK

Professional positions

1994.8-1996.5 Visiting scientist, Department of Environmental Science, School of Public Health
& Channing Laboratory, Medical School, Harvard University

1996.5-2002.8 PostDoc & Lecturer (2001.3-2002.8), Section of Genetic Epidemiology and
Biostatistics, Division of Psychological Medicine, Institute of Psychiatry, King's
College London

2002.9-2005.9 Statistician, Social and Genetic Epidemiology, Department of Epidemiology and
Public Health, University College London

2005.9-2018.7 Investigator scientist in Genetics, MRC Epidemiology Unit

2018.8- Genetic Analyst / Senior Research Associate, Cardiovascular Epidemiology Unit,
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Research interests

My work relates to methods and applications in human health-related research. Following earlier
efforts on familial aggregation, segregation analysis, candidate genes and genomewide association
studies (GWASSs, it now capitalises on the meta-analysis at the Cardiovascular Epidemiology Unit
(CEU) and within the SCALLOP consortium using the Olink inflammation as well as mass
spectrometry (MS) panels measured for the INTERVAL samples. | have led analysis contributed to
collaborative projects such as the Host Genetics Initiative and the SCALLOP-Seq(uence) consortium.

| have actively promoted reproducible research through distribution of software on CRAN
(https://cran.r-project.org) and GitHub (https://github.com) and through web-based materials from my
personal page, https://jinghuazhao.github.io/ and CEU page, https://cambridge-ceu.github.io/. |
developed genetic analysis package (gap) as one of the earliest R packages for genetic data and
recently pQTLtools for proteogenomic analysis. | have followed closely development in numerical
optimization, signal processing, computational statistics, machine learning and expert
systems/artificial intelligence. Curations include https://jinghuazhao.github.io/Computational-
Statistics/, https://jinghuazhao.github.io/software-notes/, https://jinghuazhao.github.io/Omics-
analysis/, and https://cambridge-ceu.github.io/csd3/. My recent exploration features on Al
implementations for MS data with InstaNovo & DIA-NN, molecule optimization with DrugAssist,



0 Principal Investigator/Program Director (Last, first, middle):
single-cell omics coupled with Seurat, scp, scanpy, scvi-tools, scGPT and C2S-Scale under HPC,
e.g., https://cambridge-ceu.github.io/csd3/systems/setup.html#fn:C2S.
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