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My work is human health-related research which over years includes familial aggregation, 
segregation, linkage, candidate genes and genomewide association studies (GWASs). The most 
recent is proteogenomics within the SCALLOP consortium using the Olink and mass spectrometry 
(MS) panels measured for the INTERVAL samples. I have also led collaborative analysis to the 
SCALLOP-Seq(uence, both WES and NGS) consortium and Host Genetics Initiative. 
 
I have promoted reproducible research through CRAN (https://cran.r-project.org), GitHub 
(https://github.com) and websites. I developed genetic analysis package (gap), protein quantitative 
trait tools (pQTLtools) and curated https://jinghuazhao.github.io/Computational-Statistics/, 
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